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BACKGROUND EXPERIMENTAL GROUP HYPOTHESES

O

TMS-NF

1. Transcranial Magnetic
Stimulation (TMS) evokes
Motor Evoked Potential
(MEP)

2. MEP is recorded by
Electromyography

ANALYSIS

This section discusses hypothesised study outcomes (data collection has not yet occured).
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The experimental group will have two sessions of TMS-NF. The last %

session of TMS-NF will include record EEG recordings.

. This shows if two sessions of TMS-NF are more

efficient than two traditional EEG-BCI sessions

METHOD

Using a Common Spatial Patterns (CSP) approach the state
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